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Exploration on Identification Rules and Processing Methods of Abnormal
Data in Automatic Monitoring of Pollution Sources
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(1. Ping An Digital Information Technology ( Shenzhen) Co. , Ltd. , Shenzhen, Guangdong 518000, China;
2. Shenzhen Hopeway Environmental Technology Co. , Litd. , Shenzhen, Guangdong 518000, China;
3. Pingshan Administration Bureau of Shenzhen Ecological Environment Bureaw, Shenzhen
Guangdong 518118, China; 4. School of Environmental Science and Engineering, Southern
University of Science and Technology, Shenzhen, Guangdong 518055, China)

Abstract.; Based on characteristic analysis and abnormal cause analysis of a large number of automatic mo-
nitoring data of pollution sources, the identification rules and identification processing methods for automatic mo-
nitoring abnormal data were explored and established, and the automatic identification of abnormal data was real-
ized through model training. Examples showed that this method could identify five types of abnormal data, inclu-
ding abnormally high, abnormally low, abnormally zero, hysteresis invariance and logic error. According to data
validity and abnormal reasons, this identification and processing method could provide data base and guarantee
for subsequent data analysis and various model training.
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Table 1  The methods of identification of abnormal data
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Table 2 The potential drivers lead to data abnormal

B A BHE B R e gigia 1 HEAL 55
S H G vV Vv Vv
S A% vV vV

MO vV Vv v
RHERAR vV vV
12 4 R Vv

3 BEiREERI%
R BE 27 21 7 %, YIRS o O o 5
T 558 0 BN BB IRAE S AR SR

B IERUBAE 1 43 JE BRSPS RO B9 A Shbs
Ao ALY Lok B T2 A B AL B KR AR T
TR BN Gk K N FH o LA S O = Bt i oy 26 A
Bl b A AR I S5 Sy ] 150 B (L S A AR Al e AR D
DIRE RS 96 1 4% P DIl 2k — 4 2B HR O 7)) | H
A A5 R RVBE (A RN 25 2 B8 vk
3.1 HKEMAE

e PO E B AR R 0 S O v D3 s g R
A 1 d B B, DL B ol R B R RS AR
ARALE 1 440 DB . A BHE Y B LM LR
ML IR X REA AT R A BR L 2 B R R AR AR AL
B, A MR R ) O S B A AL (REA
Bon x1440 17,1 5)) , K HEAR B R R /DA —FL,
YRR AT O B AR WAL o B A% T I JE R ) e
BTN, 0 FRRMERE 1 FR &4 B R,
58 WU 2R B0 1) T4k 2
3.2 HBAEIAE

3 BT A AR 30 RN A BB A A, e B AT LA LA
T3 AT AT X O e 8 43 H S BT IR 22
5o WEHERS I BN 2 B R S AE BT R, TE I B
W By, T R O WA AR 3 R B o 0 5
SICIRZE S . BRI B — M R BN & o
e e A BRLE 3 R R IR R 1 A B S T A
B TEAR o O i A 2B 1 ef 0] 22 57 o A T A 56 D
1o B & A R K 22 Ry AR — TR A R R e
Bodls 2 &L F L or M
3.3 BRI % E B A

fifi i Python 1) Keras ¥ & 2% I HESL K 80% (1)
BRI 43 I 2B .20 % (1 508 K1) 43 R 0t 45 4
PEATEERYI I S . Sl [ E 5%, 24 LSTM fif



B34k o

BUHE A 15 B R A 3 T S T R o U B b B R AR R

2022 4£ 4 H

R EM LT 0N 64 CNN W 2% (i H 9 2 #h 28
JTC BRIy 32 F1 64 A& B K/INR 5 B RO e
FE, I 25 o 08 R 97. 08% , il ik Uk W R
94. T4 % , #1125 W 2 3 4r S 4 S5 DL 3R 3. I 4%
Jo E LS AR 7 PR v S 31 SRR TR
HERf 8% 87%

R3 HEMZBISHEEE

Table 3 The parameters and ranges of neural network
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